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Abstract – Integrating AI into various businesses has attracted much attention regarding its use in pricing 

tactics. This article explores AI-driven pricing techniques, focusing on dynamic pricing and its significant 

impact on consumer behavior and market competition. Facilitated by sophisticated machine learning 

algorithms, dynamic pricing allows for real-time adjustments based on various variables, including demand, 

competitive pricing, and market trends. This research examines the complex effects of AI-driven dynamic 

pricing on customer behavior, focusing on how personalized and context-sensitive pricing influences 

purchasing choices. Additionally, we examine the effects of dynamic pricing on market competitiveness, 

assessing its ability to enhance revenue for organizations while maintaining fair and transparent procedures. 

Through case studies from several sectors, we seek to explore the effectiveness of AI-driven pricing models 

and their impact on market dynamics. This study discusses the intersection of AI, pricing strategies, and 

market dynamics by comprehensively examining current literature, empirical investigations, and practical 

applications. The findings presented here provide important insights for academics, practitioners, and 

policymakers addressing the changing dynamics of AI in pricing and enhancing understanding of its 

implications for consumer decisions and competitive market conditions. The paper demonstrates the 

influence of price dynamics on consumer behavior, contributing to the scholarly discourse on incorporating 

AI into business frameworks, especially on dynamic pricing tactics in competitive marketplaces. It offers 

pragmatic recommendations for enterprises to enhance real-time pricing strategies by acknowledging the 

significance of market competition and consumer preferences while emphasizing the potential risks of 

elevated customer price sensitivity in dynamic pricing scenarios. 
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I. INTRODUCTION 

The integration of AI in the dynamic international commerce environment has introduced a new level of 

complexity and agility in pricing strategies for goods and services, reflecting the increasing size of global 

competition [1]. AI has significantly revolutionized pricing tactics, offering a degree of unachievable 

complexity and flexibility.  This article analyzes the intricate AI-driven pricing network, emphasizing 
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dynamic pricing and its extensive influence on consumer behavior and competitive dynamics worldwide. 

As organizations progressively use AI to enhance their pricing tactics, comprehending the exact 

ramifications of these techniques is essential for academics, practitioners, and economic policymakers. 

The rising interest in AI-driven pricing is directly associated with the enhanced accessibility of extensive 

datasets and the computing capabilities necessary for their analysis [2]. Machine learning algorithms, 

especially those categorized as deep learning, have shown exceptional proficiency in identifying patterns 

and forecasting client behavior. These capabilities have allowed organizations to transcend conventional 

pricing models, facilitating the adoption of more adaptable and sensitive strategies to market demands. 

Dynamic pricing, a component of AI-driven pricing, enables organizations to establish prices 

corresponding to prevailing market realities. Using real-time data and advanced algorithms, organizations 

may enhance their pricing plans to correspond with customer demand, competitive environments, and 

contextual aspects [3]. This transition from set pricing structures signifies a fundamental transformation, 

ensuring enhanced efficiency and responsiveness to market fluctuations. This article examines the influence 

of dynamic pricing on customer behavior in the marketplace. As prices vary in real time, a new paradigm 

emerges for customers, whereby the perceived worth of a certain product or service may alter swiftly and 

significantly. This dynamic environment challenges conventional beliefs about customer purchase choices 

in the marketplace [4]. Dynamic pricing techniques may significantly affect customer behavior in several 

ways. The customized aspect of dynamic pricing, which adjusts costs according to individual choices and 

actions, may foster a feeling of value and significance for the customer. Conversely, price volatility might 

heighten customer price sensitivity, prompting them to pursue optimal specifications and bargains or to 

delay purchases until favorable conditions arise [5]. Comprehending how customers traverse these 

fluctuating price environments is essential for organizations seeking a delicate equilibrium between 

enhancing revenue and preserving client loyalty. This also raises ethical issues about transparency and 

fairness in pricing procedures, highlighting the need for a thorough analysis of the effects of AI-driven 

pricing systems on the user experience [3]. Besides influencing customer behavior, dynamic pricing 

significantly affects the competitive dynamics of the whole market. The capacity to modify pricing 

instantaneously provides a degree of adaptability that might significantly impact enterprises vying for 

market dominance in goods and services. This enhanced freedom raises concerns about the possibility of 

anti-competitive actions that may result in monopolization. Figure 1 shows the benefits of AI-powered 

Dynamic pricing strategies. 

.  

 

Fig. 1 AI-based Dynamic Pricing Strategies   

 

Globally, competitive pricing has always been a fundamental aspect of market dynamics   [6] . The 

emergence of AI-driven dynamic pricing is complicating the competitive environment. Companies may 

tactically modify their pricing in response to rivals' actions and changes in consumer preferences, resulting 

in a dynamic and possibly unstable market. This dynamic fosters innovation and efficiency, although it may 

also raise issues over market manipulation and inequitable competitive advantages that might result in 

monopolization [7]. Moreover, using AI in pricing tactics might engender winner-take-all dynamics, 

whereby companies with advanced AI skills may entirely monopolize the market, possibly suppressing 

competition [8]. This necessitates a thorough analysis of the regulatory frameworks overseeing pricing 
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practices and the need for protections to guarantee equitable and transparent competition in AI-driven 

marketplaces [9]. The next parts of this article will examine several facets of the overall issue. Section 2 

will include a comprehensive literature analysis, elucidating the historical backdrop of pricing strategies 

and the advent of AI-driven methodologies. Section 3 will examine the procedures and strategies that 

provide dynamic pricing, emphasizing the technological elements allowing real-time modifications. 

Section 4 will elucidate the impact of dynamic pricing on customer behavior, analyzing the interaction 

between customization, price sensitivity, and purchase choices. Section 5 will concentrate on the 

competitive environment, examining how AI-driven pricing methods influence market dynamics and affect 

prospective competitors. Section 6 will concisely summarize the principal results and provide suggestions 

for enterprises, governments, and forthcoming research initiatives in this emerging domain. 

 

II. LITERATURE REVIEW 

Dynamic pricing denotes tactics whereby corporations adjust prices in real time according to fluctuations 

in the economic landscape, actual demand, and customer diversity [10]. Dynamic pricing is used across 

several channels and forms, including third-party internet marketplaces, search engines, and conventional 

businesses. Dynamic online pricing is defined as rates adjusted based on behavioral data such as transaction 

history, geography, demographics, operating systems, and time of day [11]. Consequently, demand-driven 

variables such as purchase timing, weather conditions, associated goods in the shopping basket, and the 

device used to access the site may serve as input factors influencing price. Dynamic pricing stems from 

extensive, readily available operational information and mobile or Internet technologies. Companies often 

use various forms of pricing discrimination influenced by national and regional disparities in time-sensitive 

customer demand. Temporal variations in the consumption of identical items contingent upon the timing 

of consumption [12]. Diverse service requirements of various customers for the same products; certain 

seasons, holidays, and weekends. Dynamic pricing entails ambiguity and confusion about the mechanisms 

that leverage human behavior and customer preferences. The Internet has enhanced the monitoring of 

individual behavior via online databases that save information about preferences and search history, 

resulting in the proliferation of dynamic pricing online [3]. Dynamic pricing has emerged as a contemporary 

marketing approach used by firms to modify prices with little warning. It may provide enhanced revenue 

and a competitive edge, but it might provoke customer backlash owing to their sensitivity to price 

fluctuations and the ambiguous perception of pricing. Various terminologies emerge from pricing, 

elucidating the ambiguity in profit maximization [13]. 

Digital revolution has significantly altered consumer shopping behavior [14]. Online platforms are 

becoming more accessible, transforming the conventional retail paradigm. Simultaneously, alterations in 

customer buying behavior have promptly influenced their expectations for the shopping experience. In the 

digital era, consumers today emphasize convenience [15]. Consumer requests are often shown in the 

absence of parking requirements, with the recommendation or sale of preferred items at reduced pricing. 

Price sensitivity offers a theoretical framework for understanding the price mechanism across various 

pricing methods. This study has expanded to include modern topics such as the sharing economy, with an 

examination of organizations that engage in transitory pricing variations. A key aspect of consumer buying 

behavior is price sensitivity, a subject extensively discussed in leading academic publications within the 

social sciences [16]. Both definitions suggest that price is a critical determinant in customers' utility 

assessment of products and services throughout the purchase process. We provide the notion of information 

accessibility, which pertains to the complete availability of product information to customers. This 

condition satisfies the following characteristic. Consumers possessing comprehensive knowledge about a 

product will alter their final selection when the price decreases within the scope of information degradation, 

since many individuals are aware of and have used the product offered at a discount. They have explicitly 

chosen not to purchase it otherwise. The attributes of sensitivity provide customers information into the 

significant function of pricing [17]. Price is a critical determinant of purchasing decisions, particularly when 

the transaction is seen as hazardous, when several alternatives are available, and when there is significant 

ambiguity about the goods. For several products, pricing often serves as the most conspicuous factor for 
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comparison, is more salient due to its popularity, and in the digital era, typically constitutes the predominant 

characteristic. Consequently, innovators will adopt a stance to forecast pricing. Retailers have identified 

this significance as a key motivation for buyers who have seen the first pricing in their catalogs. In 

summary, well-informed customers may integrate a distinctive element into their pricing perceptions: Initial 

low pricing may be successful, particularly for unfamiliar products intended to attract user engagement; 

but, prolonged low costs may eventually be seen as a negative indicator. 

 

This study extensively examines dynamic pricing methodologies enhanced by machine learning. It 

examines the development of pricing strategies, highlighting the significance of AI in real-time price 

adjustment. The authors assess the efficacy and obstacles of machine learning algorithms in dynamic 

pricing, providing significant insights for academics and practitioners. Ban and Keskin [18] explore 

customized pricing, using machine learning to customize price methods based on specific customer 

behaviors. Their work underscores the promise of AI in fostering a more customized and engaging shopping 

experience while simultaneously addressing ethical concerns related to data protection and user consent.  

Tomitza, et al. [19] do a thorough empirical investigation of market dynamics within the e-commerce 

industry, investigating the influence of AI-driven pricing on competitiveness. Their results illuminate how 

organizations deliberately modify prices in reaction to market situations, providing insights into the intricate 

relationship between AI, pricing tactics, and competitive behaviors. Gazi, et al. [20] examine the essential 

element of transparency in AI-driven pricing and its impact on customer trust. The authors use consumer 

surveys and behavioral experiments to assess the effects of transparent pricing methods on customer 

perceptions. Their research enhances the ethical dialogue on AI-based pricing methodologies. Sargeant and 

Groza [21] examine the regulatory problems associated with algorithmic pricing within the framework of 

antitrust legislation. Their research evaluates the likelihood of anti-competitive conduct stemming from AI-

based pricing tactics and suggests factors for regulators to consider in the changing environment of 

technology-driven marketplaces. Dunka [22] provide a collection of case studies analyzing the actual use 

of real-time pricing optimization within the retail industry. An analysis of many organizations reveals 

significant insights regarding the problems, advantages, and strategic considerations of using AI-driven 

pricing in retail. Avula and Sithole [23] compare the effects of AI-augmented revenue management within 

the hotel sector. Their study evaluates the effectiveness of AI-driven pricing models in maximizing hotel 

revenue and examines the effects on customer behavior and competitive dynamics in the industry. 

Sidlauskiene, et al. [24] concentrate on the consumer aspect, using tests to assess how customers perceive 

discounts produced by AI systems. Their results provide insights into the psychological dimensions of 

consumer decision-making about AI-driven pricing, enhancing our comprehension of the intricate linkages 

between algorithms and customer behavior. Martinho, et al. [25] Their research compares AI-driven pricing 

in commercial industries to the ethical dilemmas associated with autonomous cars. It examines possible 

biases, transparency challenges, and accountability problems related to AI-driven pricing, providing 

significant insights and suggestions for organizations addressing this ethical landscape. Raman, et al. [26] 

investigate the convergence of AI-driven pricing and sustainability, suggesting a nexus analysis examining 

pricing strategies' alignment with sustainable business practices. Their contribution transcends economic 

factors, highlighting AI-driven pricing schemes' broader social and environmental effects. 

This paper overview examines various recent contributions to AI-based pricing techniques, emphasizing 

the many dimensions of dynamic pricing, its effects on customer behavior, market rivalry, regulatory issues, 

and ethical implications. Each study enhances our comprehension of the intricate relationship between AI 

and price dynamics in modern commercial contexts. 

 

III. MATERIALS AND METHOD 

The study used a descriptive methodology to assess the influence of dynamic pricing strategies on 

consumer behavior within a competitive market context. The dynamic pricing workflow, grounded on 

sophisticated machine learning algorithms, is a complicated but highly adjustable procedure in application. 



International Journal of Advanced Natural Sciences and Engineering Researches 

121 
 

It encompasses several interrelated phases, each essential in developing and executing dynamic pricing 

plans. The process is delineated in detail below:  

1. Data Collection 

The first phase of the dynamic pricing procedure involves data acquisition. The process begins with the 

aggregation of pertinent data from diverse sources, including historical sales records, consumer behavior 

patterns, rival price information, and real-time market trends. This varied dataset underpins the next phases 

of the operation. Nevertheless, the raw data often exhibits noise, incompleteness, or inconsistency. 

Consequently, the data is subjected to preprocessing to guarantee its quality and appropriateness for training 

machine learning models. During the data preparation phase, procedures like cleaning, normalization, and 

feature engineering are used. Data cleaning include eliminating outliers, rectifying mistakes, and addressing 

missing data. Normalization guarantees that all data characteristics are on a comparable scale, hence 

avoiding any one feature from overshadowing the analysis due to its magnitude. Feature engineering entails 

identifying and transforming pertinent characteristics to augment the model's prediction efficacy. The 

preprocessed data serves as the input for training machine learning models. 

2. Training of Machine Learning Models 

The pre-processed data is then input into sophisticated machine learning models for AI training. These 

models may include intricate algorithms such as neural networks, decision trees, or ensemble models. The 

objective is for the models to discern patterns, correlations, and trends within historical data. Throughout 

the training phase, the models systematically modify their parameters to reduce the discrepancy between 

their anticipated outputs and the actual outcomes in the training dataset. Machine learning models are 

developed to comprehend intricate linkages and discern subtleties in consumer behavior, variations in 

demand, and reactions to competition strategies. This phase is essential for the efficacy of dynamic pricing 

since the models must generalize well to novel data and adjust to evolving market conditions. 

3. Integration of Real-Time Data 

In dynamic competitive contexts, organizations need real-time data integration to improve the flexibility 

of dynamic pricing strategies. Real-time data sources include contemporary market situations, rival pricing 

revisions, and actual demand metrics for products and services. A real-time data integration module 

continuously imports and refreshes this information, guaranteeing that the dynamic pricing system stays 

attuned to the most recent market trends and consumer preferences. This phase necessitates a strong data 

architecture and integration skills to effortlessly incorporate real-time data into the current data collection. 

The integration procedure must be efficient, minimizing delay to provide prompt price choices based on 

the most current information. Figure 2 depicts the dynamic pricing procedure using artificial intelligence 

methodologies. 
. 

 

Fig. 2 Workflow of Dynamic Pricing Utilizing Artificial Intelligence  
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4. Implementation of Dynamic Pricing Algorithm 

The core of the dynamic pricing process flow is the implementation of a dynamic pricing algorithm in 

practice. This algorithm takes inputs from both machine learning models and a real-time data integration 

module. The machine learning models contribute by providing insights gained from historical data, while 

the real-time data inputs provide a current picture of market conditions and customer desires. The dynamic 

pricing algorithm processes these inputs to generate optimal pricing recommendations that achieve a 

competitive price advantage. It takes into account various factors, including demand elasticity, competitors’ 

pricing strategies, and overall economic activity objectives. The algorithm aims to strike a balance between 

maximizing revenue and remaining competitive in the goods and services market. The output of this 

algorithm is a set of pricing adjustments that the system recommends for immediate implementation, 

providing the decision maker with clear insights into the market and competitors. 

5. Implementation of Price Adjustment 

Once the dynamic pricing algorithm generates pricing recommendations, the next step is to implement 

these adjustments in real-time. The price adjustment module implements the recommended changes, 

dynamically and synchronously updating the prices of products or services. This real-time adjustment 

ensures that the company is responsive to ever-changing market dynamics and provides a competitive 

advantage for its products or services. Implementing price adjustments may involve updating online 

platforms, adjusting price tags in physical stores, or communicating changes to relevant stakeholders in the 

company. The speed and accuracy of the implementation process is critical to the success of dynamic 

pricing, as delays can lead to missed opportunities or suboptimal pricing decisions. 

6. Monitoring and Feedback Mechanism 

The dynamic pricing workflow includes a continuous monitoring and feedback loop to evaluate the 

effectiveness of the pricing strategy. This phase involves continuous monitoring of key performance 

indicators, customer feedback, and feedback from competitors. The information gathered from this loop 

serves multiple purposes: 

Performance evaluation: Metrics such as revenue generation, profit margin, and market share are 

continuously evaluated to determine the impact of dynamic pricing on overall economic performance. 

Customer feedback analysis: Customer feedback, including reviews, complaints, and satisfaction 

surveys, provides insights into how the dynamic pricing strategy is being perceived and whether it is in line 

with customer expectations and desires. 

Competitor analysis: Monitoring competitors’ reactions to dynamic pricing changes helps companies 

understand how their pricing strategy impacts the overall competitive position. 

Information from this monitoring and feedback loop is then fed back into various machine-learning 

models. This iterative process enables continuous learning and improvement of the models, ensuring that 

the dynamic pricing strategy evolves to adapt to global market trends and consumer behaviour. 

 

IV. RESULTS 

A new phase of advancement has started in the business sector due to the use of AI-driven pricing 

strategies, particularly dynamic pricing. This section presents a comprehensive analysis of the effects of 

AI-driven dynamic pricing on consumer behaviour and market competitiveness, along with the findings 

and observations derived from the research. 

1. Influence on Consumer Behaviour 

The findings demonstrate a substantial influence of dynamic pricing on customer behavior. AI-driven 

personalized pricing has had a favorable impact on customer reactions. Customizing pricing according to 

individual tastes has enhanced customer involvement and perceived value. A comprehensive awareness of 

human sensitivities and ethical issues is essential to prevent any backlash. The results indicate a bifurcated 

impact on price sensitivity. The individualized aspect of dynamic pricing may foster a feeling of exclusivity 

and relevance, resulting in a heightened desire to pay. Conversely, price volatility may increase customer 
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price sensitivity, leading them to delay purchases until more advantageous pricing circumstances arise. This 

fragile equilibrium highlights the need for firms to meticulously adjust their dynamic pricing models to 

correspond with customer expectations and market fluctuations. The discourse on consumer behavior also 

explores ethical implications. Transparency in pricing methods is a crucial element in fostering customer 

confidence. The absence of transparency in AI-based pricing algorithms may raise issues about equity and 

exploitation. Consequently, firms must approach this matter carefully, guaranteeing openness in their 

pricing systems and cultivating customer confidence. 

 

2. Effect on Market Competitiveness 

Dynamic AI-driven pricing has improved firms’ flexibility to adapt to market fluctuations. The ability to 

adjust prices instantly allows firms to align themselves within a competitive environment strategically. The 

results suggest that firms using dynamic pricing driven by AI may enhance their competitive position by 

quickly adapting to competitive prices and market demand fluctuations. 

The paper provides insights into the overall impact on market dynamics. Dynamic price competition may 

stimulate innovation as firms seek to differentiate themselves through pricing approaches. However, 

concerns about potential anti-competitive behaviour arise. The ability of AI-driven pricing algorithms to 

generate winner-take-all situations requires careful regulatory scrutiny to ensure fair competition in the 

market. The paper outlines the regulatory issues posed by AI-driven pricing. Antitrust consequences arise 

when firms with advanced AI capabilities can achieve disproportionate market power. Striking a balance 

between promoting innovation and limiting anti-competitive practices is a critical consideration for 

policymakers. The paper underscores the need for a comprehensive regulatory framework to ensure fair 

and transparent competition in AI-driven markets. 

 

3. Summary of results 

The findings highlight the need for a nuanced equilibrium between customization and equity in AI-driven 

dynamic pricing. Although customization improves customer involvement, fairness guarantees that pricing 

strategies are ethical and transparent. Businesses must engage in responsible AI processes that emphasize 

customer trust and ethical issues. The findings show that dynamic pricing enables organizations to swiftly 

adjust to changing market conditions. This flexibility is essential for maintaining competitiveness in 

businesses characterized by frequent market fluctuations. The capacity to refine pricing plans based on real-

time data enables firms to seize opportunities and successfully manage risks. 

 

V. DISCUSSION 

The influence of dynamic pricing on consumer behavior and market competitiveness in the digital era 

warrants investigation owing to the demands on society, regulators, and corporations to adopt such 

practices, particularly in light of the rapid evolution of digital marketplaces. The aforementioned evidence 

indicates that the strategy can substantially influence consumer behavior, resulting in both cost savings for 

consumers and competitive market dynamics, encompassing consumer spillovers, fairness and equity, 

consumer perceptions, and retailer trustworthiness. The analysis emphasizes that firms cannot overlook 

digital transformation and expect to achieve success without using dynamic pricing strategies. 

Consequently, customers, the market, and regulators must to thoroughly comprehend particular situations 

or novel techniques instead of hastily amending the legislation and the corporation, given the possible 

unintended repercussions that may ensue. Research methodology should be adapted to include emerging 

dynamic pricing schemes and integrate new infrastructures, such as the suggested research framework. 

Establishing corporate procedures and regulations that align with customers' expectations of justice is 

crucial, since this has been shown to affect consumer behavior. While customers recognize that a desired 

product may be unavailable or sold out before they can purchase it, it is equally crucial to preserve trust 

between the store and the consumer. Considering customers' views of a company's potential gains or losses 

in various scenarios, one may argue that a retailer's offer may incur equivalent costs to selling the goods at 
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full price, rather than just promoting it at its original price. Secondly, organizations must use agile tactics 

to adapt to an ever-evolving market. When corporations see elevated demand for a product, it is evident 

that they will be inclined to adjust their pricing appropriately; this heightened demand is advantageous for 

the company. Moreover, they possess the capability to oversee feedback and may consequently execute 

manual controls. A monitoring system will allow a corporation to determine whether to persist in 

designating certain goods as loss leaders or when to discount products if their reductions are underutilized. 

This region has significant potential for future expansions. The primary impact of takeaways on efforts to 

circumvent regulations is that variations in the context and individual moral principles about price choices 

are anticipated to influence customer behavior patterns significantly. Consequently, further study should 

aim to enhance comprehension of these consequences to substantiate these results. Continued study should 

aim to provide a valuable framework for predicting and evaluating behavioral patterns by emphasizing 

ethical considerations in the analysis of rules and regulations. Consequently, we use ethical and justice 

aspects that may be included into foundational ontological and/or psychological frameworks to provide a 

cohesive approach to company conduct within marketing literature. The paper concludes with suggestions 

for further study and practical applications. More investigation into customer views is needed, and the 

creation of explainable AI models to improve transparency and enhance regulatory frameworks are 

emphasized. Businesses are urged to use AI-driven pricing methods judiciously, considering the wider 

effects on customer trust and market competitiveness. 

 

VI. CONCLUSION 

In the digital marketplace, customized or dynamic pricing denotes the practice of corporations use 

customer data to tailor the prices of products and services according to individual interests, habits, and 

willingness to pay. In the future, corporations will apply data-driven pricing autonomously to determine 

the optimal price for each consumer in real-time. These pricing techniques enable organizations to directly 

manipulate the balance between customer surplus and profits by exploiting consumer preferences and price 

sensitivity, so generating substantial economic value via improved consumer pleasure and engagement. 

Nonetheless, these tactics may elicit apprehensions over consumer privacy and equity, stemming from the 

rapid reduction in openness concerning the operational mechanisms and applications of personalized 

pricing methodologies. The paper highlights the significant influence of dynamic pricing on customer 

behavior and market rivalry within the evolving realm of AI-driven pricing tactics. The findings highlight 

the duality of customer reactions, stressing the essential equilibrium required for individualized pricing and 

the need of openness in preserving consumer confidence. Dynamic pricing is an effective instrument in the 

competitive landscape, augmenting corporate agility and promoting innovation. The report underscores the 

regulatory constraints, asking policymakers to combine promoting innovation with preventing anti-

competitive activities. As enterprises traverse the intricacies of AI-driven pricing, the amalgamation of 

findings directs further research and practical applications towards responsible and ethical methodologies, 

guaranteeing that the transformational potential of AI advantages both customers and the wider market. 

In principle, personalized pricing may operate as first-degree price discrimination. In practical 

application, organizations often encounter difficulties in optimizing customer willingness to pay while 

mitigating adverse consumer impressions. This is especially crucial for service brands or manufacturers 

since solution items represent a mutual value with customers, and an inflated price may result in a zero-

sum scenario whereby consumers reject the offering. Currently, the usage of customized pricing can be 

found in online booking, shopping, and e-commerce marketplaces controlled by segments of merchants 

that allow their systems to automatically alter rates depending on a variety of parameters such as customer 

browsing behavior, local weather, and time of day. For decades, airlines have used individualized pricing, 

and several internet booking platforms are increasingly adopting this strategy, using diverse data to observe 

or track client behavior via simple inquiries. 
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